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Apéndice

using JuMP

using MathProgBase
using Gurobi

using Distributions
using DataFrames

objetivo=Float64[]
resultQt=Float64[]
resultz=Float64[]
result50=Float64[]
resultmean=Float64[]
resultPc= Float64[]
resultQc= Float64[]
resultPt= Float64[]

srand(1)
for i in 1:5

pld = readtable('C:/Users/YourPathHere/pld._csv', separator=";",
header=true)

pot = readtable('C:/Users/ YourPathHere/simulacaopotj.csv',
separator=";", header=true)

S=1000

potl=Float64[pot[i.j] for
pldl=Float64[pld[j.i] for

[

G=28*pot1*24*30
Pt=mean(pldl)*rand(Uniform(0.8,1.2),1)[1]

Pc=mean(pldl)*rand(Uniform(0.6,1.5),1)[1]

Qc=mean(G)
cvar=0
alpha=0.05
m=Model (solver=GurobiSolver(Q))
@defVar(m,Qt)
@defVar(m,delta[1:S]>=0)
@defVar(m,R[1:S1)
@defVvar(m,z)
@setObjective(m,Max, (1/S)*sum{R[s].s=1:S})
@addConstraints(m,begin
sum_to_one[s=1:S], Pc*Qc-Pt*Qt+pldl[s]*(Qt+G[s]-
Qc)==R[s]
end)
@addConstraint(m,z-(1/(S*alpha))*sum{delta[s]., s=1:S}>=cvar)
@addConstraints(m,begin
sum_to_one[s=1:S], delta[s]>=z-R[s]
end)

status=solve(m)

obj=getObjectiveValue(m)
push!(objetivo, obj)
result Qt=getValue(Qt)
push!(resultQt,result _Qt)
result_z=getValue(z)
push!(resultz,result _z)
result_R=getValue(R)
Result_R=Float64[result_R[i]Jfor i in 1:S]
result_50=sort(Result _R)[50]
push! (result50,result 50)
result_mean=mean(sort(Result R)[1:50])
push!(resultmean, result_mean)
push! (resultPc,Pc)
push! (resultQc,Qc)
push!(resultPt,Pt)

end

Figura 5 — Implementacdo do modelo de otimizagao
Fonte: Propria
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Tabela 7 — Coeficientes do modelo

Fonte: Propria
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Gréfico 15 - FAC e FACP da série
Fonte: Propria
Coef MW m/s
Arl 0.3843396 |0.3676702
Ar2 0.2596147 |0.28084
Intercept 0.9943759 |2.8022087
Jan -0.580416 |-1.47092
Feb -0.786458 |-1.987754
Mar -0.972694 |-2.579939
Apr -1.036036 |-2.768226
May -0.817925 |-2.099441
Jun -0.453858 |-1.085876
Jul -0.163394 |-0.395277
Aug 0.3289415 |0.7815713
Sep 0.5792598 |1.4535935
Oct 0.5493253 |1.4464359
Nov 0.3286412 |0.8458
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Grafico 16 — Previsdo de vento
Fonte: Propria
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Gréfico 17 — Histograma de previsao de vento um periodo a frente

Fonte: Propria
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Gréfico 18 — Simulacdo velocidade de vento
Fonte: Propria
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Grafico 19 — Comparativo entre realizado e previsto - vento
Fonte: Prépria
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