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A

Corpora Description

A.1

Danish Corpus

The Danish corpus provides no lemma annotation.

Table A.1: Danish Part-of-Speech Tags.
Coarse-grained Description Fine-grained Description

Part-of-speech Part-of-speech

A adjectives AN normal adjective
C conjunction AC cardinals
I interjection AO ordinals
N noun CC coordinating conjunction
P pronoun CS subordinating conjunction
RG adverb I interjection
SP preposition NP proper noun
U unique NC common noun
V verb PP personal pronoun
X extra-linguistic units PD demonstrative pronoun

PI indefinite pronoun
PT interrogative/relative pronoun
PC reciprocal pronoun
PO possessive pronoun
RG adverb
SP preposition
U unique
VA main verb
VE medial verb
XA abbreviation
XF foreign word
XP punctuation
XR formulae
XS symbol
XX other
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A.2

Dutch Corpus

In the Dutch corpus the fine-grained part-of-speech tag is identical to

the coarse-grained part-of-speech except for multi-word units, where it is the

concatenation of the coarse-grained part-of-speech tags of the words.

Table A.2: Dutch Part-of-Speech Tags.
Coarse-grained Description

Part-of-speech

Adj adjective
Adv adverb
Art article
Conj conjunctive
Int interjection
N noun
Num numeral
Misc miscellaneous
Prep preposition
Pron pronoun
Punc punctuation
V verb
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A.3

Portuguese Corpus

Table A.3: Portuguese Part-of-Speech Tags.
Coarse-grained Description Fine-Grained Description

Part-of-speech Part-of-speech

adj adjective adj adjective

adv adverb adv adverb

art article art article

conj conjunction conj-c coordinating conjunction

in interjection conj-s subordinating conjunction

n noun in interjection

num numeral n noun

pron pronoun num numeral

prop proper noun pron-det determiner pronoun

prp preposition pron-indp independent pronoun

v verb pron-pers personal pronoun

prop proper noun

prp preposition

v-fin finite verb

v-ger gerund verb

v-inf infinitive verb

v-pcp participle verb
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B

Baseline Systems

B.1

Danish

Table B.1: Danish Baseline System for One ETL Model.
Part-of-Speech Most Common Head

A 1_P_L

C 1_V_L

I root

SP 1_V_L

N 1_SP_L

P 1_V_L

RG 1_V_L

U 1_V_R

V root

X 1_V_L

Table B.2: Danish Baseline Systems for 1st Subtask.
Part-of-speech Head Side

A L

C L

I root

N L

P L

RG L

SP L

U L

V L

X L
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Table B.3: Danish Baseline Systems for 2nd Subtask.
Predicted Head-Side

Part-of-Speech Root L R

A root P N

C root V V

I root V V

N root SP V

P root V V

RG root V V

SP root V V

U root SP V

V root V V

X root V V

Table B.4: Danish Baseline Systems for 3rd Subtask.
Predicted Head-Side

Part-of-Speech Root L R

A root 1 1

C root 1 2

I root 1 1

N root 1 1

P root 1 1

RG root 1 1

SP root 1 1

U root 1 1

V root 1 1

X root 1 1
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B.2

Dutch

Table B.5: Dutch Baseline System for One ETL Model.
Part-of-Speech Most Common Head

Adv 1_V_R

Punc 1_N_L

MWU 1_Prep_L

Int root

Misc 1_N_L

N 1_Prep_L

Pron 1_V_R

Num 1_N_R

V root

Art 1_N_R

Conj 1_V_L

Adj 1_N_R

Prep 1_N_L

Table B.6: Dutch Baseline System for 1st Subtask.
Part-of-speech Head Side

Adv R

Adj R

Art R

Conj L

Int root

Misc L

MWU L

N L

Num R

Prep L

Pron R

Punc L

V L
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Table B.7: Dutch Baseline System for 2nd Subtask.
Predicted Head-Side

Part-of-Speech Root L R

Adv root V N

Adj root V V

Art root V N

Conj root V V

Int root Prep V

Misc root N V

MWU root Prep V

N root Prep V

Num root Prep N

Prep root N V

Pron root V V

Punc root N V

V root V Conj

Table B.8: Dutch Baseline System for 3rd Subtask.
Predicted Head-Side

Part-of-Speech Root L R

Adv root 1 1

Adj root 1 1

Art root 1 1

Conj root 1 1

Int root 1 1

Misc root 1 1

MWU root 1 1

N root 1 1

Num root 1 1

Prep root 1 1

Pron root 1 1

Punc root 1 1

V root 1 1
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B.3

Portuguese

Table B.9: Portuguese Baseline System for One ETL Model.
Part-of-Speech Most Common Head

adv 1_v_R

pp 1_v_L

art 1_n_R

in 1_v_R

ec 1_n_R

prop 1_prp_L

vp 1_n_L

pron 1_v_R

num 1_n_R

prp 1_n_L

v root

punc 1_v_L

conj 1_v_R

n 1_prp_L

adj 1_n_L

Table B.10: Portuguese Baseline Systems for 1st Subtask.
Part-of-speech Head Side

adv R

pp L

art R

in L

ec R

prop L

vp L

pron R

num R

prp L

v L

punc L

conj L

n L

adj L
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Table B.11: Portuguese Baseline Systems for 2nd Subtask.
Predicted Head-Side1

Part-of-Speech Root L R

adj root n n

adv root v v

art - prp n

conj root v v

ec - prp n

in root v v

n root prp v

num root prp n

pp root v v

pron root v v

prop root prp v

prp root n v

punc - v v

v root v v

vp - n -

Table B.12: Portuguese Baseline Systems for 3rd Subtask.
Predicted Head-Side2

Part-of-Speech Root L R

adj root 1 1

adv root 1 1

art - 1 1

conj root 1 1

ec - 1 1

in root 1 1

n root 1 1

num root 1 1

pp root 1 1

pron root 1 1

prop root 1 1

prp root 1 1

punc - 1 1

v root 1 1

vp - 1 1
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The values marked with a “-” are the ones that do not appear in the

training set, therefore their values are not automatically predictable. Since they

do not appear in the development or test set either, no default value was needed.

However, it those cases is easy to infer that root would make sense to choose as

default value.
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